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1. INTRODUCTION

The concept of convexificators was introduced by Demyanov [6]. Convexifi-
cators has been employed to extend the results in optimization and nonsmooth
analysis [14, 15, 30, 19]. It has been shown in [19] that the Clarke subdifferentials,
Michel-Penot subdifferentials, and Treiman subdifferentials of a locally Lipschitz
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real-valued function are convexificators. For recent developments and results on
convexificators, we refer to [16, 18, 17, 1] and the references therein.

A mathematical program with equilibrium constraints (MPEC) usually refers
to an optimization problem in which the essential constraints are defined by
complementarity system or a parametric variational inequality. There are many
equilibrium phenomena that arise from economics and engineering, characterized
by either a variational inequality or an optimization problem, which justifies the
name mathematical program with equilibrium constraints (MPEC) for the smooth
case [35, 10] and for the nonsmooth case [29, 28, 36]. Luo et al. [20] presented
a comprehensive study of MPEC. By using the standard Fritz-John conditions,
Flegel and Kanzow [8] obtained the optimality conditions for MPEC. Moreover,
Flegel and Kanzow [9] introduced a new Slater type constraint qualification and
a new Abadie type constraint qualification for the MPEC, and proved that the
new Slater type constraint qualification implied a new Abadie type constraint
qualification.

The class of MPEC is an extension of the class of bi-level programming prob-
lems, also known as the mathematical program with optimization constraints.
By using the notion of convexificators, Ardali et al. [2] derived optimality condi-
tions for MPEC. There are numerous real-world applications of MPEC, such as
hydro-economic river basin model [4], chemical process engineering [31], design
of transportation networks [12], and shape optimization [13].

It is well known that convexity and generalized convexity of a function play
a significant role in optimization theory. One of the important generalization of
a convex function is invex (invariant convex) function, which was introduced by
Hanson [11] and later named by Craven [5]. For the last three decades, duality
and optimality conditions in invex optimization theory have been discussed by
several authors (see [3, 25, 22, 23]). Duality results are very useful and fruitful in
the development of numerical algorithms for solving certain classes of the opti-
mization problems. The existence of duality theory in the nonlinear programming
problem helps to develop numerical algorithm as it provides suitable stopping
rules for primal and dual problems. Also, duality theory is very important sub-
ject in the study of mathematical programming problems as weak duality gives
a lower bound to the objective function of the primal problem. Wolfe [34], and
Mond and Weir [27] dual models are most popular in nonlinear programming
problems. Furthermore, these dual models have been abundantly studies for bi-
level problems [33], semi- infinite programming problems [24], and mathematical
programs with vanishing constraints (MPVC) [26].

In this paper, we derive the sufficient condition for global optimality for a
mathematical program with equilibrium constraints using generalized invexity
assumptions. We introduce Wolfe and Mond-Weir type dual programs to the
MPEC and establish weak and strong duality theorems. The organization of this
paper is as follows: in Section 2, we provide some preliminary definitions and
results. In Section 3, we derive the sufficient optimality condition for MPEC,
under generalized invexity assumptions. In Section 4, we establish weak and
strong duality theorems relating to the MPEC and two dual models using invex
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function and generalized invex functions in the framework of convexificators. In
Section 5, we conclude the results of this paper.

2. PRELIMINARIES

Throughout this paper, R"” denotes the n-dimensional Euclidean space with
inner product (,.,) and C is a nonempty subset of R”. The convex hull of C is
denoted by co C.

We consider the MPEC in the following form:

MPEC  min F(u)
subjectto: g(u) <0, h(u) =0,
O(u) 2 0, P(u) 2 0, (O(u), P(u)) =0,
where F: R" > R, g: R" >R, h : R" > R, 0 : R" > Rland ¢ : R" —
R! are given functions. If we take h(u) := 0, O(u) := 0, P(u) := 0, then, the
optimization problem with equilibrium constraint coincides with the standard
nonlinear programming problem, which is well studied in the literature, see e.g.,

Mangasarian [21].
The feasible set of the problem MPEC is denoted by X and defined by

X:={ueR":g(u)<0, h(u) =0, O(u) >0, P(u) >0, (O(u), P(u)) = 0}.
The following index sets will be used throughout the paper:

Iy:=1,(1) :=1{i=1,2,...,k: gi(il) = 0},
o:=0@):={i=1,2,...,1:0i(i) = 0,¢;(ii) > 0},
w=w(@)={i=12,...,1:0:;()=0,¢;@@) =0},
k:=x@):=1{i=1,2,...,1:0,(i) > 0,¢;(i1) = 0},

where 7i € X is a feasible vector for the problem MPEC and the set w denotes the
degenerate set.

Definition 2.1. Let F : R* — R U {+00} be an extended real-valued function, u € R",
and let F(u) be finite. Then, the lower and upper Dini directional derivatives of F at u in
the direction y are defined, respectively, by

" .. Fu+ty) - F(u)
Pd (u,y) = hg(}pf —
and . t )
Fi(u,y) := limsup w
t—0t

Definition 2.2. (see [14]) A function F : R" — R U {+o0} is said to have upper convex-
ificators, d*F(u) at u € R"™ if 9*F(u) € R" is a closed set and, for each y € R",

Fy(u,y) < sup (&y).
&€d*F(u)
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Definition 2.3. (see [14]) A function F : R" — R U {+o0} is said to have lower convex-
ificators, d.F(u) at u € R" if d.F(u) € R" is a closed set and, for each y € R",

Fiw,y)> inf (&y).
dw )z inf (& y)
The function F is said to have a convexificator 0*F(u) C R" at u € R", iff 9*F(u) is
both upper and lower convexificators of F at u.

Definition 2.4. (see [7]) A function F : R" — R U {+oo} is said to have upper semi-
regular convexificators, d*F(u) at u € R" if *F(u) C R" is a closed set and, for each
yeR"
Fi(u,y) < sup (& ). 1)
&€d*F(u)
Based on the definitions of an invex function [23] and generalized invex functions

[32], we are introducing the definition of invex function and generalized invex
functions in terms of convexificators.

Definition 2.5. Let F : R" — R U {400} be an extended real valued function, which
admit convexificator at ii € R" and n : R" X IR" — R" be a kernel function then, f is said
to be

(i) J*-invex at i with respect to n if for every u € R",

F(u) > F(it) + (&, n(u, 1)),V & € I"F(il).
(ii) d*-pseudoinvex at ii with respect to 1 if for every u € R",
A& € IF(it), (&, n(u, i)y >0 = F(u) > F(i).
(iii) d*-quasiinvex at il with respect to 1 if for every u € R",
F(u) < F(ii) = (&, n(u, 1)) <0,V & € IF(iD).

We provide following examples in support of the definition of d*-invex func-
tion and generalized o"-invex functions respectively.
Example 2.1 Consider the function F : R — R is given by F(u) = |u], if we take
point ii = 0, then the function becomes J*-invex function at #f = 0 with respect to
the kernel function, 1(u, i) = cos u sinii and d'F(0) = {-1, 1}.

Example 2.2 Consider the function F : R — R is given by F(u) = |u], if we take
point i = 0, then the function becomes J*-pseudoinvex function at # = 0 with
respect to the kernel function, 1(u, i) = sinuii and J*F(0) = {-1, 1}.

Example 2.3 Consider the function F : R — R is given by F(u) = sinu, if we
take point i = 7, then the function becomes d*-quasiinvex function at i = 5 with
respect to the kernel function, n(u, if) = cos usin @ and J*F(5) = {0}.

The following definitions of a generalized alternatively stationary point and a
generalized strong stationary point are taken from Ardali et.al. [2].
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Definition 2.6. A feasible point ii of MPEC is called a generalized alternatively sta-
tionary (GA-stationary) point if there are vectors T = (t7,7",7%, %) € R*P*2 gnd
y =0",9%, %) € RP+2 satisfying the following conditions

P
0 € cod*F(ii) + Z 7 c0d" g;(it) + Z [T’ﬁnco&*hm(ﬂ) + y’}”w&*(—hm)(ﬁ)]
i€l, m=1

1

+ Z 000" (~0:)(@) + 7 cod" (—y)(@)]
i=1

!

+ Y [Vcod @)@ + y Y coa (pi)@)], @)
=1

7, 20, oy =0, m=1,2,...,p, ®)

0,100V 20,i=1,2,...,1, @)

Viewy?=00ry! =0. (6)

Definition 2.7. A feasible point ii of MPEC is called a generalized strong stationary (GS-
stationary) point if there are vectors T = (17, 7,79, %) € R#*P+2 and y = (o', 9,9¥) €
RP*2 satisfying (2)-(5) together with the following condition

Viea),yfzo, y! =0.

In the next section, we show that under certain MPEC generalized invex-
ity assumptions, generalized alternatively (GA) -stationarity turns into a global
sufficient optimality condition.

3. OPTIMALITY CONDITION

We consider the following index sets:

a)ﬁ::{iea):y;pzo,yie>0},
wi:={i€a):y;’b>0,y?=0},
or:=lied:y? >0}
K;Z={l’€K:)/;.’b>0}.

Theorem 3.1. Let ii be a feasible GA-stationary point of MPEC, assume that F is J*-
pseudoinvex at il with respect to the kernel nand g(i € I;), £hy(m =1,2,...,p),—0;(i €
0V w),—¢i(i € w U k) are d*-quasiinvex at i with respect to the common kernel 1. If

a)f, U a);f U6 Uk = @, then il is a global optimal solution of MPEC.
Proof. Let u be any arbitrary feasible point of MPEC, i.e.,
gi(u) <0 =yg(@), Viel,.
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By d*-quasiinvexity of g; at ii, we get

&, @)y <0,V & € dgi(i), Viel, ?)
Similarly, we have

(G, @) <0, ¥ T € O'h(i), ¥ m = {1,2,...,p), ®)

(v, 101, ) <0, ¥ vy € & (=hy)(@0), ¥ 1 = {1,2,....,p), )

(&9, n(u, ) <0,¥ & € &'(-0)(@), Y i€ s Vw, (10)

(&7 n(u, @) <0,¥ &F € (-Wy)(@), Vi€ w UK. (11)

If a)g U a);f' U6) Uk = ¢, multiplying (7)-(11) by Tl.g >0(€ly), t>0(m=
L2...p), Y >0m=12..p, ?>0@(€cdVw), 17 >0(€wUx),
respectively and adding, we obtain

<{Z ’cigéf + i [T’:ncm + y’,’nvm] +
m=1

!
icl, i=1 i=1

I
R Y T?’EF’J 1, ﬁ)> <0,
for all éig € cod*gi(i1), Cn € €00 hy(it), vin € c0d"(—hy,)(i1), 51.9 € cod*(—6;)(#i) and
é?’ € cod*(—W;)(#i). Thus by GA-stationarity of if, we can select & € cod"F(ii), so
that,
(&, n(u, i) = 0.
By J*-pseudoinvexity of F at ii with respect to the common kernel 1, we get

F(u) > F(ii) for all feasible points u. Hence i is a global optimal solution of
MPEC. O

The following example illustrates Theorem 3.1.
Example 3.1 Consider the following MPEC problem

MPEC min F(u) = |u|
subject to : g(u) = —u?> <0,
O(u) = u*>0,
W(u) = lul =20,

(O(u), W(w) = (u?, lul) = 0.

Here F(u) = |u| is d*-pseudoinvex at i = 0 with respect to the kernel, n(u.ii) =
e"ii. Further, g, —0 and — W are d*-quasiinvex at # = 0 with respect to the common
kernel, n(u, i) = e*ii. The feasible point for the given MPEC is i = 0. We have
cod*F(0) = [-1,1], cod*g(0) = {0}, cod*(—6)(0) = {0} and cod*(—¥)(0) = [-1,1]. One
can easily verify that there exist 7 = 1,7% = 1, and ¥ = 1 such thati = 0 is a
GA- stationary point, and i = 0 is a global optimal solution for the given primal
problem MPEC. Hence, the assumptions of the Theorem 3.1 are satisfied.

Remark 3.2. Based on the Definition 2.5, the definitions of an invex function and gen-
eralized invex functions can also be given in terms of upper semi-regular convexificators.
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4. DUALITY

In this section, we formulate and study a Wolfe type dual problem for the
problem MPEC using the d*-invexity. We also formulate Mond-Weir type dual
problem and study the problem MPEC using J*-invexity and generalized J*-
invexity assumptions.

The formulation of Wolfe type dual problem for the problem MPEC is as
follows:

l
WD max (o) + Y, 7/gi(0) + 2 () = ) [1761(0) + 7 i(0)]

i€l i=1

subject to :

0 € cod"F(v) + Z Tg cod"gi(v) + Z ™ 00 Iy, (0) + y’fncoa*(—hm)(v)]

i€l,
!
Z 909" (—0,)(0) + 7 c0d"(— SU)(U)]
’cf; >0, Th, V>0, m=12,..,p,
0,709 20,i=1,2,...,1,
W=ty =yl=y =0, Vicw y) =0,y = (12)

where,
p’fn = Tf; - yi’n,”( = (9, 7", 7%, t%) e R*"*? and y = (yh,)/e,ylp) € R+,

Theorem 4.1. (Weak Duality) Let ii be feasible for the problem MPEC, (v, T) be feasible
for the dual WD and the index sets I;,6,w,x are defined accordingly. Suppose that
F giGiely), th, (m=1,2,...,p), =0; (i € 6 Uw), —; (i € w U x) admit bounded
upper semi-regular convexiﬁcators and are d"-invex functions at v, with respect to the
common kernel n. If a) U a) U 6y Uk = @, then for any u feasible for the problem
MPEC, we have

1
Fu) > F) + ) t/gi(0) + Zp" Plihn(@) = Y [t00:(0) + 7! pi(0)] .
i€l m=1 i=1

Proof. Let us suppose that u is any feasible point for the problem MPEC. Then,

we have
gi(u) <0, Vielyand hy(u) =0, YVm={1,2,...,p}

Since F is invex at v, with respect to the kernel 7, then, it follows that

F(u) = F(0) 2 (&, n(u,0)),¥ & € I"F(0). (13)
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Similarly, we have

gi(u) — gi(v) = (&7, n(u,v)), V& €dgiv),Viel, (14)
By (1) = By (0) = (G, N1, 0)), ¥ Cy € I h(v),¥Y m ={1,2,...,p}, (15)
—hm (1) + hy (V) 2 Vi, (1, 0)), ¥ Vi € 3 (=hy)(0),Y m=1{1,2,...,p}, (16)
~0,u) + 0:(0) > (0, n(u,0)), ¥ &0 € I(-6)(@),ViesUw, 17)
—i() + 9i(0) 2 (€], n(u,0)), V& €I (—yY)©),ViewUr. (18)

If w) Uw) US; Uk = ¢, then multiplying (14)-(18) by 7 > 0 (i € I,), 7}, >

00m=12...,p), Yh>0m=12..p), 1>0(€dUw), ' >0(ecwux),
respectively and adding (13)- (18), we obtain

P
Fu) = F@) + Y t/giw) = Y 17gi0) + Y thiln(t) - Z I (0) Z Y

i€l i€l, m=1 m=1

+Zym (@) - Z @e<u)+2 w00,(0) - Z Y, <u>+2 T i(0)
> <c€ + Z el + Z [T’:ncm + yﬁym] + Zl‘ 90 + T¢5¢ n(u v)>

i€l m=1 i=1

From (2), 3 & € cod*F(v), cig € cod*gi(v), C € 00" Ny (v), T € 00" (=hy)(©), 519 €
c09"(=0;)(v) and &' € cod*(—;)(v), such that

E+) &+ Z |G + | + Z[ 080+l E| =

i€l,
Therefore,
P P
F(u) — F(v) + Z Tiggi(u) - Z Tigg,-(v) + Z T},;hm(u) Z T (V) — Z Vot (1)
i€l, i€l m=1 m=1 m=1
P ! I I
+ 2 V! Hn(0) — Z 90,(u) + Z 96,(0) - 2 i) + Z Pi0) > 0.

= i=1 i=1 i=1

Now, using feasibility condition of MPEC, i.e, g;(u) < hy(u) = 0, 6:(u) >

0, ¢i(u) > 0, it follows that

p p ] 1
F(u) - F(0) - Z 7 gi(v) - Z T o (0) + Z V! (D) + Z 196,(0) + Z t/Pi(v) 2 0.
m=1 i=1 i=1

i€l, m=1
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Hence,

1
F(u) > F(©) + ) | /gi(0) + Z Pl () - Z [190:(0) + T i(0)],

i€l, i=1
where, pl, = 7, — " and the proof is completed. [

Theorem 4.2. (Strong Duality) Let ii be a local optimal solution of the problem MPEC
and assume that F is locally Lipschitz near ii. Suppose that F, g; (i € 1;), +hy, (m =
1,2,...,p),—0i (i € U w),—1; (i € w U x) admit bounded upper semi-reqular convexi-
ficators and are d"-invex functions at i with respect to the common kernel n. If GS-ACQ
[2] holds at il then, A% = (29, %", %29, 7¥) € R¥*P*2 such that (il, ) is an optimal solution
of the dual WD and the corresponding objective values of MPEC and WD are equal.

Proof. Since ii is a local optimal solution of the problem MPEC and the GS-ACQ is
satisfied at i1, now, using Corollary 4.6[2],i.e., A% = (7,%",7%,2¥) € R*P*? and j €
7", 79,7) € RP*?% , such that the GS-stationarity conditions for the problem MPEC
are satisfied, it follows that 3 & € cod*F(ii), Sf € c0dgi(i1), Cn € 00"y (il), Ty €

cod*(—hy, (i), 519 € cod*(—0;)(ii) and g;ﬁ € cod*(—;)(#), such that

%?zo ol >0, m=1,2,...,p,

T?,sz,yl, ¢>Oz—12 Ll

W=t =90=9'=0View 77=0, 7V =0.

Therefore (i, 7) is feasible for the dual WD. Now, using Theorem 4.1, we obtain

F(i) > Fo) + ) 7/gi(0) + Z Pl hy(0) = Z [100:(0) + T i(0)], (19)

i€l,

where, pl, =t — " for any feasible solution (v, ) for the dual WD. Using the
feasibility cond1t10n of MPEC and its dual WD, i.e., for i € 1,(i1), gi(if) = 0, hy,(i1) =
0, (m=1,2,...,p), 0:(i1) =0,Vi€ b U w, and 1;(T) = 0,Vi € w U x, we get

F(@) = F(i) + ) | ¥/ gi(7) +me (i) — Z[ 00:(1) + 7/ i), (20)

i€l, i=1
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where, pl!, = %, — 7. Using (19) and (20), we obtain

F(@) + ) ¥g:(@) + Z (1) — 2 [206:0) + ! yu(@)]

i€l, i=1

> F(o) + ) 7gi(v) + Z Pl (0) — Z [106:(0) + 7/ i(v)].

i€l, i=1

Hence, (i1, 7) is an optimal solution for the dual WD and the corresponding objec-
tive values of MPEC and WD are equal. O

Now, we formulate the Mond-Weir type dual problem (MWD) for the problem
MPEC and establish duality theorems using convexificators.

MWD n;ax{F (v)}

subject to:

4
0 € cod"F(v) + Z Tf cod" gi(v) + Z [T;,;CO(?*hm(v) + yﬁ,co&*(—hm)(v)]

i€l, m=1

1
+ Y [te0d (=0)(@) + 7! co" ()0)],
=1

gi(0) 20 €ly), hy(w)=0(m=1,2,...,p),
0i(v) <0(iedVw), Yi(w) <0(ic€wUx),
’l’g >0, T’:n,yﬁlzo m=1,2,...,p,

Tf},7¢,yl,y¢>0 i=1,2,...,1,

0

TK=Tb=yK=yb=O,Vi€a),yi =O,yz’b=0, (21)

where, T = (17, ", 7%, 1%) € R#*P*2 and y = ()", 99, 9¥) € RP*2.

Theorem 4.3. (Weak Duality) Let ii be feasible for the problem MPEC, (v, ) be feasible
for the dual MWD and the index sets I;,6,w, x be defined accordingly. Suppose that
Fgi(iely),h, (m=1,2,...,p),-0; (i € 6Uw),—; (i € wUx)admit bounded upper
semi-reqular convexificators and are d*-invex functions at v, with respect to the common
kernel 1. If wg V) a);’ U by UKy, = ¢, then for any u feasible for the problem MPEC, we
have

F(u) = F(v).

Proof. Since f is invex at v, with respect to the kernel ), then, we have

F(u) - F(@) 2 (£, 1(1,0)),¥ & € I'F(0). (22)
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Similarly, we have

g9iu) = gi(@) 2 (&, n(w,0)), V& €dgiv),Viel, (23)
(1) = Myy(©) > (G, (11, 0)), ¥ Gy € P hy(0),¥Y m = 1{1,2,...,p}, (24)
—hm (1) + 1y (V) 2 Vi, (1, 0)), ¥ Vi € 3 (=hy)(0),Y m=1{1,2,...,p}, (25)
—0;(u) + 0,(v) 2 (&9, n(w,v)), V&Y €d(-0)(v),ViedUw, (26)
—Wiu) + i(0) = (&Y, nw,0)), V& €I (—y)),View Uk 27)

If 9 U a) U8} Uky = ¢, multiplying (23)-(27) by ©f 2 0 (i € I), ), > 0 (m =

1,2,...,p), ym >0m=12,...,p), Ti@ >0(i € 6VUw), T;.’b > 0 (i € wUx), respectively
and adding (22)-(27), we obtain

F(u) - F@) + Y tlgiw) = ) 7/gi(0) + Zp" Tl o (11) i I (0) i e

i€l, i€l, m=1 m=1 m=1
p 1 ! ! 1
+ ) V@) = Y T00w) + Y T00,0) = Y Tl pitw) + ) T (o)
m=1 i=1 i=1 i=1 i=1

I
< Z e+ Z [ b O+ y%vm] + Z [7?5? + fcfé?b] N, v)>.
i=1

i€l,

From (21), 3 & € c0d*F(v), & € c09"i(v), G € c09*hy(v), Vi € c0d* (=) (v), E9 €
c09"(=0;)(v) and &' € cod*(—;)(v), such that

£+Y 959+Z[T G+ V1 7m | + Z[ 080+ E| =

i€l, m=1
Therefore,
4 P
F(u) = F@) + ) tlgiw) = Y tlgi@) + Y thln() = Y thhn(0) - Z V(1)
i€l, i€l, m=1 m=1 m=1
P 1 1
+ ) @) = Y T00w) + Y T0,(0) - Z i) + Z i) > 0.
m=1 i=1 i=1 i=1

Now using the feasibility of # and v for MPEC and MWD, it follows that
F(u) = F(v).

Hence, the proof is completed. O
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Theorem 4.4. (Strong Duality) Let ii be a local optimal solution of the problem MPEC
and let F be locally Lipschitz near ii. SupposethatF, g; (i € I;), +h,,(m=1,2,...,p), —0;(i €
OVw), —1; (i € wUk)admit bounded upper semi-regular convexificators and are d*-invex
functions at i with respect to the common kernel n. If GS-ACQ [2] holds at ii, then there
exists T, such that (i, T) is an optimal solution of the dual MWD and the corresponding
objective values of MPEC and MWD are equal.

Proof. The proof can be done similar to the proof of Theorem 4.2 by invoking
Theorem 4.3. O

Next, we establish weak duality and strong duality theorems for MPEC and
its Mond-Weir type dual problem (MWD) under the assumptions of generalized
d*-invexity.

Theorem 4.5. (Weak Duality) Let ii be feasible for the problem MPEC, (v, ) be feasi-
ble for the dual MWD and the index sets 1,0, w, x are defined accordingly. Suppose
that F is d"-pseudoinvex at v, with respect to the kernel n and g; (i € 1,), +h,, (m =
1,2,...,p), =0; (i € 0V w), —=¢; (i € w U x) admit bounded upper semi-regular con-
vexificators and are d*-quasiinvex functions at v, with respect to the common kernel 1. If

a)g U w;’e U 65 Uy, = ¢, then for any u feasible for the problem MPEC, we have
F(u) = F(v).

Proof. Assume that, for some feasible point u, such that F(u) < F(v), then by
d*-pseudoinvexity of F at v, with respect to the kernel n, we get

(&, nu,v)) <0,¥ & € dF). (28)

From (21), 3 &€ € cod*F(v), 5‘? € ¢09"gi(v), C € 00" hy(v), P € 0 (—hy)(v), cflg €
cod*(—6;)(v) and cf;p € cod*(—1;)(v), such that

Y Y [ ] - 08 - Y e e ). @)
m=1

i€l, SUw wUK
By (28), we have
4
< Z T?éig + Z [Tﬁ,im + yﬁﬁm] + Z T?S? + Z T:PEIP (1, U)> > 0. (30)
i€l, m=1 OUw wUK

For each i € I, gi(u) < 0 < gi(v). Hence, by d"-quasiinvexity, we obtain

(&,nw,0) <0,¥ & € T gi(v), Viel, (31)

Similarly, we have

(G 11, 0)) 0, ¥ T € I (o), ¥ 1 = {1,2,....,p}, (32)
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for any feasible point v of the dual MWD, and for every m, —h,,(v) = —h,, (1) = 0
On the other hand, —6;(u) < —-6;(v), Vi € U w, and —¢;(1) < —P;i(v), Vi € w Uk. By
d*- quasiinvexity, we obtain

(v, 1(11,0)) <0, ¥ vy € F (=hy)(©), ¥ m = {1,2,..,p}, (33)
(&9, n(u,0)) <0,¥ & € 9"(-0)(v), Y i € 6V w, (34)
(& 101, 0)) <0,¥ & € I (-9)(), VicwUx. (35)

From Egs, (31)-(35), we have

<£~ig, n(u, v)> <0(i€ly), <Cm,r](u, ZJ)> <0, <17m, n(u,v)> <0(m={L2,...,p)),
(&0, n(w,0))<0,ViesUaw, (&, nw0)<0VicwUx

Smcea) Ua) U6y Uk = ¢, we have

p
<Z €, v)> <0, <Z [+ 7im | m(a, v)>

iel, m=1
Z 050 Yy
[tttz (0 )20
SUw wUK
Therefore,
~, ! -1 ' &
([T e+ Yl vhanl « ¥ e« Tt o) <o
icl, m=1 SUw WUk

which contradicts (30). Therefore F(u) > F(v). Hence the proof is completed. [J

Theorem 4.6. (Strong Duality) Let ii be a local optimal solution of the problem MPEC
and let F be locally Lipschitz near ii. Suppose that F is d*-pseudoinvex at ii, with respect
to the kernel 11, g; (i € 1), £hy, (m = 1,2,...,p), =0; (i € 6V w), —; (i € w UK)
admit bounded upper semi-reqular convexificators and are d*-quasiinvex functions at ii
with respect to the common kernel 1. If GS-ACQ [2] holds at ii, then there exists T, such
that (i1, ) is an optimal solution of the dual MWD and the respective objective values are
equal.

Proof. The proof can be done similar to the proof of Theorem 4.2 by invoking
Theorem 4.5. [
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5. CONCLUSIONS

We studied a mathematical program with equilibrium constraints (MPEC) and
derived the sufficient conditions for global optimality for MPEC using general-
ized invexity assumptions. We formulated the Wolfe type and Mond-Weir type
dual models for the problem MPEC in the framework of convexificators, and
established weak and strong duality theorems relating to the problem MPEC and
two dual models using d"-invexity and generalized ¢"-invexity assumptions.
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